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ABSTRACT 
Classification is a data mining technique which is used to extract models from data on 

categorical variables. Models are used to classify the data into categorical class labels. It worth 

mentioning that order is meaningless among these classes. Classification is a two step process. In 

the first step (learning step or training phase) classification algorithm builds the model by 

analyzing data set and discovers relations between the data and in the second step uses the model to 

classify the data. We can use decision trees for data classification because they manage high volume 

data easily and give a simple and understanding represent of data classes. In addition, they have a 

high speed in both classification steps. 

In this paper having a review of classification, we will discuss classification by decision tree 

induction. Further, we discuss classification techniques and its related issues. At the end, we will 

study classification algorithms and we will compare advantages and disadvantages of these 

algorithms. 
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Algorithm: Generate_decision_tree. Generate a decision tree from the training tuples of data partition D. 

Input: 

 Data partition, D, which is a set of training tuples and their associated class label; 

 Attribute_list, the set of condidate attributes; 

 Attribute_selection_method, a procedure to detemine the splitting criterion that “best” partitions the data tuples into 

indivisual classes. This criterion consists of a splitting_attribute and, possibly, either a split point or splitting subset. 

Output: a decision tree. 

Method: 

(�) create a node N; 

(#) if tuples in D are all of the same class, C then 

(-)        return N as a leaf node labeled with class C; 

(8) if attribute_list is empty then 

(f)        return N as a leaf node labeled with the majority class in D; //majority voting 

(g) apply Attribute_selection_method (D, attribute_list) to find the “best” splitting_criterion; 

(�) label node N with splitting_criterion; 

({) if splitting_attribute is discrete-valued and 

multiway splits allowed then //not restricted to binary trees 

(})       attribute_list← attribute_list - splitting_attribute; // remove splitting_attribute 

(�~) for each outcome j of the splitting_criterion 

//partition the tuples and grow subtrees for each partition 

(��) let Dj be the set of data tuples in D satisfying outcome j; //a partition 

(�#) if Dj is empty then 

(�-)  attach a leaf labeled with the majority class in D to node N; 



(�8) else attach the node returned by Generate_decision_tree(Dj, attribute_list) to node N; 

endfor 

(�f) return N; 
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�R��H  W��~.#f �U%
 �* A�(/ +� ?v�(3*
 <v�C <
 ���� �� 
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 '�7 ?�"� A�
�
 A	> "�C� .���_Y 0
�< (MD� �� ��� ��� P" �C |�C IN  + U��*E +�B� �_Y ���<  �CN 
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  تر و کوچکتر گیري سریع درختان تصمیم ۱.٦.۳
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� A��(�� A% �
�Csleep �income + �forest b�D�D AC ٤.٦ ،٦.٥  +

#� �% �C
�C"u  �
 �DC8.f � K(�> �.!.  



  قابلیتهاي جدید ۲.٦.۳
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  ی مورد بحثتفاوتهاي عمده الگوریتمها. ۴
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  گیری نتیجه. ٥
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