R —
http: //artificial.ir
S8 i > Slapiy ;951 5 (5590

v Y . -
I S BT e SR e A e

oS>

et g Bodld fdsi jo (638 (gadualigs duxio o w5 .Cawlrodld I 538 sy Juw Zl sl 538 gaualiss 3l Bua
axdllan 4 5L Guiupylo) 9 LAmass (b o JFiluno Jo 53 (T 5l eoliiul alosr 5l dine (2l 10 99290 (idg}s B0} 5 g oI
alod oo § ST 1) Loyl 3ol 3 3540 9 392 90 (sl 5ol

Liles 5 38 sloacgome ap i «guaiigs o Jolis (gl guiaiiss gl mublio Sl jo0 5l oy callie cul 5
L )oNl Al i o yg0 &5 Ty o )Nl (g (ol G )sldl (Byre (g3 uaiualies glaly Gyl
iz () 5 Bud .ol oo &il,yl (Yeed JI Yoor) pdl Jlo Vo OYlo g Sl 65950 2ld ik 50 9 ouud 4xS18 yy didid Lo
el (551 gy AligS domo yd ouul (S pxo Loy eRdl (5l (Gdiiws S &l
Sl olols'

(S8 GuabgS (531 (sbhas gaxo 4yl (guisagS

A Survey of Fuzzy Clustering Algorithms

Masoud Yaghini; Maryam Ranjpour; Farid Yousefi
ABSTRACT
A Fuzzy clustering technique looks for fuzzy model from data points. Because of applications of fuzzy
clustering in data analysis, pattern recognition and to solve some problems like VRP, it is necessary to study its
techniques.

This paper presents a review on fuzzy clustering algorithms. In the first section we have a glance on basic
definitions of clustering, fuzzy set theory and fuzzy clustering. The second section includes basic fuzzy
clustering algorithms. The two next sections present the variants of basic algorithms and the last one is a review
of papers in fuzzy clustering (Y. .--Y--4). The main idea of this paper is classifying new algorithms of fuzzy

clustering.
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